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Abstract—Artificial  intelligence (AI) is increasingly
transforming project management (PM) practices, yet the
theoretical foundations of Al-enabled project management
remain fragmented and insufficiently synthesised. Without
clearer theoretical grounding, research in this area risks
remaining largely descriptive and application-oriented.

This study aims to identify, map, and explain the theoretical
perspectives used in research on Al-enabled project
management. A systematic literature review (SLR) was
conducted in accordance with PRISMA 2020 guidelines. The
search covered Web of Science and Scopus and identified 712
database records published between 2015 and 2025. After
screening and full-text eligibility assessment, 10 theory-oriented
studies were retained as the core dataset.

The analysis shows that Al-enabled project management does
not rely on a single dominant theory. Instead, the reviewed
studies draw on several theoretical perspectives, including
decision and behavioural theories, task—technology alignment,
dynamic capabilities, stakeholder theory, complexity theory,
information economics, and fuzzy set theory. Across the
reviewed studies, Al is most often conceptualised as decision
support or as an augmentation of managerial capabilities. The
reviewed studies also differ in how Al is specified, ranging from
relatively specific technologies and functions, such as generative
Al, fuzzy Al models, predictive analytics, and Al-enabled
monitoring, to broader conceptualisations such as Al
assimilation and sociotechnical Al systems.

The study contributes by showing how theoretical lenses,
specific theories, Al roles, explanatory mechanisms, and levels
of analysis can be linked into explanatory chains. These chains
are then aggregated into recurring explanatory configurations
and emerging theoretical streams. Al technology / function types
are used as an additional coding dimension to interpret
technology-specific implications for project management. Given
the small final sample of theory-oriented studies, the identified
streams should be interpreted as emerging patterns within this
body of literature rather than as definitive or generalisable
classifications of the entire Al-enabled project management
field.

Keywords—artificial intelligence, project management, Al-
enabled project management, theoretical foundations,
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I. INTRODUCTION

Interest in artificial intelligence (AI) has grown rapidly
across disciplines, positioning it as a transformative force
reshaping organisational processes, decision-making, and
modes of coordination [1], [2]. In contemporary project
management (PM), the increasing diffusion of Al is
transforming both operational processes and managerial

practices, reshaping how projects are planned, executed, and
governed [3], [4]. This relevance is reflected in the rapid
expansion of scholarly interest in Al-enabled project
management [5], [6]. However, while empirical and
application-oriented studies have proliferated, the theoretical
foundations of this domain remain underdeveloped and
fragmented [3], [7].

Despite the growing body of literature [6], [8], [9], there is
a lack of systematic and theory-oriented syntheses that would
clarify how Al-enabled project management is theorised.
Existing reviews do not sufficiently explain how different
theoretical lenses, conceptualisations of Al, and explanatory
mechanisms combine to form coherent patterns of
understanding. Consequently, the field lacks an integrative
perspective that would move towards identifying underlying
explanatory configurations and their implications [3], [10].

To address this gap, this study adopts a systematic
literature review approach, designed and conducted in line
with PRISMA 2020 guidelines [11], with a specific focus on
theory. The review identifies, maps, and synthesises the
theoretical foundations of Al-enabled project management
research. Beyond cataloguing theories, the study develops a
structured analytical framework capturing four interrelated
layers:  theory identification, theory  positioning,
conceptualisations of Al, and explanatory mechanisms
linking Al and project management. In this study,
explanatory chains refer to ordered links between theoretical
lenses, specific theories, Al roles, explanatory mechanisms,
and levels of analysis. Recurring combinations of these
elements are treated as explanatory configurations, which are
subsequently grouped into emerging theoretical streams.
Building on this multi-layered analysis, the study identifies
recurring explanatory chains that connect these elements
across different studies.

The aim of the paper is therefore to answer the following
research question: How is Al-enabled project management
theorised in the literature, and what recurring explanatory
configurations and emerging theoretical streams can be
identified from this body of research? By addressing this
question, the study moves beyond descriptive synthesis
towards a more structured understanding of theorisation in
this domain.

The study makes several contributions to the literature.
First, it provides a systematic mapping of the theoretical
foundations of Al-enabled project management, identifying
the range of theories used and their disciplinary origins.
Second, it clarifies how Al is conceptualised within project
management research and how these conceptualisations
relate to different explanatory mechanisms. Third, and most
importantly, it identifies recurring explanatory configurations
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linking theoretical lenses, Al roles, mechanisms, and levels
of analysis. In addition, it differentiates Al technology /
function types to clarify technology-specific implications for
project management. Fourth, it explains how these
configurations form emerging theoretical streams making the
analytical pathway from individual studies to broader patterns
of theorisation more transparent. By doing so, the paper
provides a foundation for future theory development in Al-
enabled project management.

The remainder of the paper is structured as follows. The
next section outlines the research methodology, including the
coding and synthesis procedure used to develop explanatory
chains and emerging theoretical streams. This is followed by
the presentation of results, including the mapping of
theoretical foundations and the identification of explanatory
configurations and streams. The final section discusses the
implications for theory and future research.

1L LITERATURE REVIEW

Project management has evolved over time from an early
focus on planning, scheduling, and control to broader
organisational, behavioural, and governance-oriented
perspectives [7], [10]. This development suggests that project
management should not be understood solely as a technical
or operational activity, but as a complex field embedded in
organisational, relational, and decision-making contexts [7],
[10], [12], [13]. Early scholarship already argued that project
management required stronger theoretical development and
should be examined through multiple conceptual lenses rather
than reduced to a set of instrumental techniques [12]. This
view was later reinforced by the “project actuality”
perspective, which emphasised that project work is socially
embedded, context-dependent, and shaped by real actions and
interactions rather than by formal models alone [13]. More
recent research further highlights the diversity and maturity
of project management scholarship, showing that the field has
developed across multiple levels of analysis and types of
inquiry [7], [10]. Overall, this body of literature indicates that
project management is a theoretically diverse field in which
different perspectives are needed to capture the complexity of
projects and project organising.

In parallel, digital transformation has become an
increasingly important context shaping contemporary project
environments.  Digital  technologies influence how
organisations operate, how information is processed and
shared, and how decisions are made [1], [2], [14], [15]. In
project settings, this is reflected in changing management
practices, the growing use of data-driven tools, and increasing
expectations regarding analytical support, automation, and
responsiveness. Reviews of digital transformation describe it
not only as a technological shift, but also as a broader
organisational and strategic process that affects value
creation, governance, and coordination [1], [15]. In project
management specifically, recent work shows that digital
transformation  involves  sociotechnical  integration,
governance and leadership challenges, and tensions between
digital tools and existing organisational practices [15]. Within
this broader context, Al can be seen as a further stage of
digital transformation, moving beyond process digitalisation
towards prediction, recommendation, and the partial
automation of selected managerial and project activities.

For the purpose of this study, Al-enabled project
management is understood as project management in which
Al systems support or partially automate selected project
activities, such as planning, monitoring, reporting, risk
forecasting, and decision support, thereby influencing
decision-making, coordination, and governance practices [8],
[9], [16]. This working definition draws on established
project management terminology concerning planning,
monitoring, risk management, and decision support, while
reflecting the growing role of Al applications across different
project phases and tasks.

Existing literature reviews indicate that research on Al-
enabled project management is expanding rapidly and
remains primarily concentrated in specific applications, such
as cost and duration prediction, risk analysis, scheduling,
optimisation, and decision support [3], [4], [6], [8], [9], [17].
Earlier reviews mainly organise and classify the main areas
of Al use in project contexts [4], while later studies provide
broader syntheses of the field and identify emerging research
gaps [3], [8], [9], [17]. More recent contributions additionally
show that the literature is growing in volume but remains
fragmented and strongly application-oriented [6], [9], [17].
They also provide more detailed classifications of Al
techniques and their distribution across project management
tasks and project phases [8], [9], [10]. Taken together, these
studies show that Al is increasingly examined as a practical
means of improving forecasting, control, efficiency, and
decision support in projects, whereas much less attention has
been paid to how these developments are theorised at a
broader conceptual level.

The screening of records excluded from the core SLR
dataset also suggested a strong technocentric orientation in
the broader literature. This was reflected in titles and abstracts
dominated by specific technologies and their applications
rather than by underlying theoretical explanations. Dominant
themes include Building Information Modelling (BIM),
digital twins, machine learning-based optimisation, and
construction-oriented digital solutions, indicating a strong
focus on tools and industry-specific contexts. This pattern is
consistent with recent review studies, which likewise show
that research on Al-enabled project management is primarily
focused on Al categories, techniques, tools, and use cases
rather than on coherent theoretical integration [9], [10].

This tendency is evident across several application areas.
A substantial number of studies focus on BIM-enabled
coordination, lifecycle integration, and information
management [18], [19], as well as digital twin and simulation-
based approaches to modelling construction processes and
project environments [20], [21]. At the same time, many
studies use machine learning techniques for cost estimation,
risk prediction, and schedule optimisation [22], [23], [24],
often framing Al as a predictive or optimisation mechanism
embedded in project tasks. Similarly, decision-support and
optimisation models are developed to improve resource
allocation and project execution efficiency [25], [26], while
technologies such as blockchain and distributed ledger
systems are mainly examined in relation to information
transparency and data governance [27], [28]. Even in studies
that address organisational or socio-technical aspects of
digital transformation [29], [30], technology is typically
examined through its implementation context rather than



through its theoretical implications for project management
as a discipline [9], [10], [15].

This pattern reflects the applied and practice-driven
character of the field, where research is primarily concerned
with solving operational and technological problems within
specific project settings. At the same time, this pattern reveals
an important gap. Although the literature provides
increasingly rich insights into what technologies are used and
how they are applied, it offers much less clarity on how Al-
enabled project management is theoretically explained and on
the mechanisms through which Al is understood to influence
project management practices, decision-making processes,
and organisational dynamics [3], [7], [9], [10], [15]. In other
words, current research remains much stronger in describing
applications than in explaining how Al is conceptualised and
theorised in relation to project management.

This gap 1is especially important because project
management already constitutes a theoretically plural field
[7],110],[12],[13], while Al is entering project environments
in multiple roles, including automation, augmentation,
analytics, and control [3], [4], [6], [8], [9], [10]. Without a
theory-oriented synthesis, it remains unclear how existing
studies connect theoretical lenses, conceptualisations of Al,
explanatory mechanisms, and levels of analysis into broader
patterns of understanding. Therefore, there is a need for a
more systematic and theory-focused review that moves
beyond descriptive mapping of Al applications and instead
explains how Al-enabled project management is theorised in
the literature.

111 MATERIALS AND METHODS

The study adopts a systematic literature review (SLR) to
identify, map, and synthesise the theoretical foundations of
Al-enabled project management research. The review was
designed and conducted in line with the established PRISMA
2020 (Preferred Reporting Items for Systematic Reviews and
Meta-Analyses) guidelines [11], ensuring a transparent
process for the identification, screening, and synthesis of
theory-oriented studies in this field. Because the purpose of
the review was to examine how Al-enabled project
management is theorised, the search, selection, and coding
strategy focused on studies that applied theoretical or
conceptual perspectives to Al-enabled project management,
rather than on all Al applications in project-related settings.

The literature search was conducted in the Web of Science
and Scopus databases, selected as the primary sources due to
their broad interdisciplinary coverage and access to high-
quality and reliable academic literature.

The first literature search was conducted using a
combination of keywords related to project management,
theoretical components, and artificial intelligence or digital
technologies. Specifically, the search string combined
“project management” with terms indicating a theoretical
dimension (e.g. “theor”, “theoretical foundation”, and
“theoretical perspective”) and with terms related to artificial
intelligence and digital technologies (e.g. “artificial
intelligence”, “Al”, “algorithmic”, and “digital”). Several
filters were also applied to refine the results, including
document type, language, and years of publication. The
second search round was conducted as a complementary
sensitivity search to ensure that potentially relevant studies

were not omitted. The subsequent stages included
deduplication, title and abstract screening, and full-text
eligibility assessment, all conducted in accordance with
predefined decision rules described below.

The inclusion criteria were applied to identify studies that
treat project management as a managerial, organisational,
behavioural or governance-related domain. The exclusion
criteria were established to eliminate studies in which project
management was discussed primarily as a technical,
application-oriented, or operational context with Al or digital
technologies treated mainly as tools or optimisation methods.
Studies lacking a clear theoretical grounding were also
excluded. Detailed information on the search strategy for
each database, the search rounds, and the identification of
records is presented in Fig. 1.
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Fig. 1. PRISMA 2020 flow diagram of the study selection process

At the title and abstract screening stage, studies were
retained when they addressed project management as a
management discipline, linked Al or digital technologies to
project management, and showed at least an explicit or
implicit theoretical or conceptual signal. At the full-text
eligibility stage, studies were included only when they
provided an identifiable theoretical framework, conceptual
model, or literature-grounded explanatory mechanism that
could be extracted and coded.

Finally, to address the research objective concerning how
Al-enabled project management is theorised in the literature,
a structured data extraction framework was developed. The
framework comprised four analytical layers: theory
identification, theory positioning, conceptualisation of Al in
project management, and explanatory mechanisms linking Al
and project management. The coding framework was
designed to make the analytical process traceable from
individual studies to the higher-level synthesis of explanatory
chains and emerging theoretical streams.



In the first layer, theory identification, each study was
coded for its primary theory or conceptual framework,
secondary theoretical perspectives, explicit or implicit use of
theory, and broader theoretical lens. The coded theoretical
lens was assigned according to how a theory was used in the
specific reviewed study, rather than solely according to the
theory’s original disciplinary origin.

In the second layer, theory positioning, each study was
coded according to the type of theoretical contribution and
the treatment of theory. This distinction separated what kind
of theoretical contribution a study claimed or produced from
how theory was used, modified, developed, or integrated.

In the third layer, conceptualisation of Al, each study was
coded for the dominant role or, where relevant, the combined
roles attributed to Al in project management. Multiple role
codes were recorded when the reviewed study clearly
positioned Al in more than one way. To address the
functional diversity of Al technologies, each study was also
coded for the dominant or broader Al technology or function
type, such as generative Al, predictive analytics, fuzzy Al,
Al-enabled automation, or broader Al assimilation. This
additional coding was used to support the discussion of
technology-specific implications for project management.

In the fourth layer, explanatory mechanisms, each study
was coded for the dominant logic through which Al was
understood to influence project management. A short
descriptive summary was also recorded to capture how the
authors explained the role or impact of Al in project
management.

Only studies meeting the full-text eligibility criteria were
coded. Where studies included multiple theoretical
perspectives, the dominant framework was coded as primary,
while additional perspectives were recorded as secondary.
Where more than one explanatory logic was present, the
dominant mechanism was coded by interpreting the authors’
main explanation of AI’s impact on project management and
assigning it to the closest fitting analytical category.
Ambiguous cases were resolved through re-reading and
consistency checks. The extracted data were recorded in a
structured coding matrix, which served as the basis for the
synthesis presented in the Result and Discussion section and
Appendix.

After coding, the extracted data were compared across
studies to identify recurring combinations of theoretical
lenses, theories, Al roles, explanatory mechanisms, and levels
of analysis. These combinations were then linked into
explanatory chains. In this study, an explanatory chain is
understood as an ordered analytical sequence showing how a
study explains Al-enabled project management: theoretical
lens — specific theory — role of Al — explanatory mechanism
— level of analysis. The chains were therefore not treated as
predefined categories but were developed by linking the
coded elements extracted from each included study.

The synthesis proceeded in three steps. First, the coded
categories were analysed separately. Second, relationships
between categories were examined by linking them into
explanatory chains. Third, similar chains were aggregated
into recurring explanatory configurations and then grouped
into emerging theoretical streams. Stream labels were
assigned by comparing the dominant combination of these
coded elements rather than by relying on any single category

alone. These streams represent higher-level interpretive
patterns in the reviewed theory-oriented literature, rather than
fixed or exhaustive schools of thought. In cases where a study
addressed more than one level of analysis, the relevant chain
was represented at each level only when the theoretical
explanation differed or when the level of analysis was
substantively important for interpreting the mechanism.
Therefore, the counts reported for streams should be
understood as reflecting coded configurations or occurrences
of explanatory patterns, rather than necessarily representing
mutually exclusive categories of studies.

Iv. RESULT AND DISCUSSION

A. Overall Literature Characteristics

A total of 712 records were identified across two search
rounds. After duplicate removal, 536 records were screened
at the title and abstract level. Of these, 59 records were
assessed for full-text eligibility, resulting in a final sample of
10 studies [31]-[40]. The descriptive trend and journal
category analysis presented below are based on all database
records identified before duplicate removal and screening (n
= 712), whereas the subsequent theory-oriented synthesis is
based on the final sample of 10 studies.

Based on all database records identified before duplicate
removal and screening (n = 712), the number of records on
Al-enabled project management increased markedly after
2020 (Fig. 2). Between 2015 and 2019, the number of records
remained low and relatively stable. After 2020, the number of
records increased, with a marked rise in 2024 and 2025.
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Fig. 2. Database records identified in the search by publication year (2015—

2025).

In terms of study type, the final sample includes both
conceptual and empirical studies. Conceptual papers
represent the largest share (n = 5), followed by quantitative
empirical studies (n = 4) and one mixed-method study. No
purely qualitative empirical studies were identified. The
distribution of final-sample studies by type of study is
presented in Fig. 3.
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Fig. 3. Distribution of final-sample studies by type of study



Based on the same set of database records identified before
duplicate removal and screening (n = 712), the analysis of
journal categories shows a strong concentration of records in
construction and engineering. This category accounts for
46% of all database records. Project management represents
17%, followed by Al, engineering, and technical journals
(16%), and management and innovation (12%). Information
systems accounts for the smallest share, at 9% of records.
Each record was assigned to one dominant journal category
for descriptive purposes. The percentage distribution of
records by journal category is presented in Fig. 4.
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Fig. 4. Distribution of database records by journal category.

B.  Theoretical Foundations of AI-Enabled Project
Management

Al-enabled project management does not rely on a single
theoretical foundation. Instead, the reviewed studies reveal
considerable theoretical diversity. As shown in Table 1, nine
studies rely on clearly identified theories [31]-[39], while one
additional study applies theory only implicitly [40]. The
identified theories originate from different research
traditions, reflecting a mix of disciplines and perspectives.
These include classical organisation and decision theories,
task—technology  alignment, organisational capability
perspectives, complexity and social systems perspectives, as
well as economic and information-based approaches. The
distribution of identified theories is presented in Table 1. The
remaining study [40] did not rely on a single explicitly stated
theory, but reflected an implicit theoretical orientation
embedded in its broader conceptual framing.

Table 1. Disciplinary origins of explicitly identified theories used in Al-
enabled project management research.

Author / Year Primary Theory Name ‘D‘IS(!lp linary .
origins of theories
Felicetti et al., Adaptive Structuration Information
2024 Theory (AST) Systems /
Serra et al., 2025  Task-Technology Fit Organisation
(TTF) Theory Studies

Kaogel et al., 2025  Classical Decision Theory

Decision Sciences /

Sobchenko et al.,  Social Cognitive Theory Psychology

2024

Khan and Kwan, = Dynamic Capabilities Strategic

2025 Theory Management

Miller, 2022 Stakeholder Theory L
Organisation

Kiani, 2025 Complexity Theory Theory / Sociology

Wijayasekera et Information Economics Economics

al., 2022
Xu and Lin, 2016

Theory
Fuzzy Set Theory

Mathematics /
Computer Science

The identified theories can also be grouped into several
broader perspectives reflecting different ways in which Al-
enabled project management is understood (see Table 2). The
broader perspectives discussed below refer to theoretical
traditions and should not be read as identical to the coded
theoretical lens used in the synthesis. The coded lens reflects
the dominant explanatory use of a theory in the specific Al-
enabled project management study. The first group of studies
draws on decision and behavioural theories, such as Classical
Decision Theory and Social Cognitive Theory. Together,
these perspectives provide an important foundation for
understanding decision-making processes. In the context of
Al-enabled project management, they explain how Al
influences human judgement, perception and decision-
making. In the analysed studies, these perspectives are further
complemented by Behavioural Decision Theory and
Expectancy Theory, which are used to explain individual-
level decision processes.

A second group adopts a more instrumental perspective,
drawing on Task-Technology Fit, Information Economics,
and Fuzzy Set Theory. Task—Technology Fit explains the role
of technology in terms of its alignment with specific tasks,
Information Economics focuses on the value of information
and its role in decision-making, and Fuzzy Set Theory
addresses uncertainty and modelling in more computational
terms. In the context of Al-enabled project management,
these studies primarily treat Al as a tool that improves
efficiency, optimises decisions, or enhances performance. In
addition, Information Economics is complemented by
Organisational Economics and Project Organising Theory,
which are used alongside it in the analysed studies.

A third perspective is capability-based and is represented
by Dynamic Capabilities Theory, which explains
organisational adaptation to Al adoption through capability
development. In the analysed study, Al is understood as a
resource that enables organisational adaptation and
development of new capabilities.

A fourth group comprises sociotechnical and
organisational perspectives, such as Adaptive Structuration
Theory and Stakeholder Theory. These perspectives explain
how people and technology interact to shape organisational
structures and ways of working, and how organisations
recognise and balance the interests of different stakeholders
rather than prioritising a single group. In the analysed studies,
this perspective emphasises the interaction between
technology and social structures, highlighting relationships,
roles, and governance aspects. In addition, Adaptive
Structuration Theory is used together with Task—Technology
Fit (TTF), while Stakeholder Theory is complemented by
Role Theory.

The final group is represented by Complexity Theory,
which explains how systems with many interacting elements
behave in unpredictable ways. This perspective emphasises
the need for adaptive and non-linear approaches to
management. In the analysed study, AI is framed as a
mechanism that helps organisations manage uncertainty and
dynamic environments.



Table 2. Primary and secondary theories used in Al-enabled project
management studies.

Group Primary Theory Name Secondary Theory Name
(if applicable)
1 Classical Decision Theory Behavioural Decision
Theory
Social Cognitive Theory Expectancy Theory

2 Task—Technology Fit (TTF) -
Theory
Fuzzy Set Theory -

Organisational Economics

Information Economics
Theory

Theory Project Organising Theory
3 Dynamic Capabilities Theory — —
4 Adaptive Structuration Task—Technology Fit (TTF)
Theory (AST) Theory
Stakeholder Theory Role Theory

5 Complexity Theory -

Although Table 1 reports explicitly identified primary
theories and Table 2 reports explicitly identified primary and
secondary theories, the subsequent configuration analysis
retained the implicit sociotechnical orientation identified in
study [40], as it provided a codable explanatory mechanism
linking AI and project management.

The analysis distinguished between theoretical
contribution and theoretical treatment. In terms of theoretical
contribution, theory testing (n = 3) and theory building (n =
3) were the most common forms, followed by conceptual
development (n = 2), theory application (n = 1), and theory
extension (n = 1). No study was classified as theory
integration as its primary type of theoretical contribution. In
terms of theoretical treatment, most studies applied existing
theories without substantial modification (n = 5), while a
smaller number developed (n = 3) or reframed (n =2) existing
theoretical perspectives. This distribution of theoretical
treatment is presented in Fig. 5.

Applied I
Developed N
Reframed N
Integrated

Extended

Type of theoretical treatment

0 1 2 3 4 5

Number of studies

Fig. 5. Distribution of studies by theoretical treatment.

C. Conceptualisation and Explanatory Mechanisms of Al-
enabled Project Management

The analysis of the role of Al in project management shows
a clear dominance of decision-support and augmentation
perspectives, each represented by four coded Al-role
assignments (Fig. 6). In contrast, Al as a task-specific support
tool appears less frequently, with two coded assignments.
Other perspectives, such as Al as an organisational capability
or as a sociotechnical system, are only marginally
represented, each appearing in one coded assignment. No
coded assignments conceptualise Al as a governance
mechanism or as digital infrastructure. Some studies
conceptualised Al in more than one way. Therefore, the

categories in Fig. 6 should be interpreted as coded Al-role
assignments rather than mutually exclusive study-level
categories.
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Fig. 6. Distribution of coded Al-role assignments.

A further distinction concerns the type or function of Al
technology examined in the reviewed studies. Some studies
examine relatively specific Al technologies or functions, such
as generative chatbots, fuzzy Al, predictive analytics, or Al-
driven monitoring systems. Others use Al more broadly to
describe organisational assimilation, capability development,
or sociotechnical change.

The analysis of explanatory mechanisms linking Al and
project management shows a clear dominance of instrumental
perspectives, identified in four studies (Fig. 7). Adoption-
oriented mechanisms appear in two studies, suggesting that
some research focuses on how Al is accepted and used by
project members. Capability-enhancing, governance-
restructuring, sociomaterial co-agency and complexity-
adaptive perspectives are only marginally represented, each
appearing in a single study.

Instrumental I
é’ Adoption-oriented N
5
§ Complexity adaptive NN
i Sociomaterial co-agency I
g Governance-restructuring NN
é Capability-enhancing N
& Institutional transformation

0 1 2 3 4
Number of studies
Fig. 7. Distribution of studies by explanatory mechanisms of Al impact on

project management.

D. Explanatory Chains and Emergence of Theoretical
Streams

The analysis of explanatory chains shows that studies
follow recurring configurations when explaining Al-enabled
project management. The most frequent configurations
combine decision / behavioural lens with specific theories,
including Classical Decision Theory, Fuzzy Set Theory,
Information Economics and Social Cognitive Theory. Within
these configurations, Al is most often assigned the role of
decision-support or augmentation. The associated
explanatory mechanisms are primarily instrumental or
adoption-oriented, with levels of analysis located at the
project, organisational, or individual level (Fig. 8).
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Fig. 8. Explanatory chains within the decision / behavioural lens in Al-
enabled project management.

Fig. 9 presents a combined view of the main explicitly
theorised explanatory chains identified across the reviewed
studies. The figure integrates the different configurations
linking theoretical lenses, theories, Al roles, mechanisms, and
levels of analysis. It shows that multiple pathways are used to
explain Al-enabled project management. Different lenses are
associated with different theories and lead to different
combinations of Al roles, mechanisms, and levels of analysis.
At the same time, some elements appear across more than one
pathway, indicating partial overlap between the
configurations. The implicit sociotechnical configuration
identified in study [40] is not shown as a separate pathway in
Fig. 9, because it does not rely on a named primary theory. It
was retained in the synthesis and is reported separately in Fig.
13 and Table A1 as a sociotechnical / co-agency stream.
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Fig. 9. Combined representation of explanatory chains linking theoretical
lenses, theories, Al roles, mechanisms, and levels of analysis in Al-enabled
project management.

The analysis of how theory is used within these chains
shows that theoretical lenses and theories are most often
combined in recurring ways. The most common pattern links
the decision / behavioural lens with Classical Decision
Theory and Social Cognitive Theory, while another recurrent
pattern connects an adoption-oriented lens with Adaptive
Structuration Theory and Task—Technology Fit Theory.
These patterns are illustrated in Fig. 10 and Fig. 11.
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Fig. 10. Theoretical use: application of existing theories within decision /
behavioural lens
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The analysis also identifies less frequent configurations in
which theories are conceptually reframed or further
developed. In these cases, complexity and governance lenses
are linked with Complexity Theory and Stakeholder Theory.
These configurations are associated with conceptual
development or theory building, and with forms of theoretical
treatment involving reframing or development. These
patterns are illustrated in Fig. 12.
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Fig. 12. Theoretical use: reframing and developing existing theories within
complexity and governance lenses.

Finally, by aggregating the identified configurations across
theoretical lenses, Al roles, mechanisms, and levels of
analysis, several broader theoretical streams were identified.
The most frequent stream is decision-support / instrumental
(n = 6). Additional streams include governance /
sociotechnical (n = 2), adoption-oriented (n = 2), complexity-
adaptive (n = 2), capability-based (n = 1), and sociotechnical
/ co-agency (n= 1). One implicit sociotechnical configuration
was retained as a separate sociotechnical / co-agency stream
because study [40] did not apply a named primary theory but
provided an identifiable explanation of human—Al
collaboration, trust, and Al-enabled transformation in project
management. The distribution of these streams across coded
configurations is presented in Fig. 13. Detailed configurations
explaining the identified streams are presented in Table Al in
the Appendix.
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Fig. 13. Distribution of emerging theoretical streams across coded
configurations.



CONCLUSION

This study set out to examine how Al-enabled project
management is theorised in the existing literature. As the
literature review demonstrated, existing research on Al-
enabled project management draws on a wide range of
theoretical perspectives originating from diverse disciplines,
including organisation studies, decision sciences, strategic
management, information systems, and economics. These
perspectives include, among others, decision and behavioural
theories, task-technology alignment perspectives, capability-
based views, sociotechnical approaches, stakeholder theory
and complexity theory. While this diversity indicates the
richness of the field, the review also reveals that existing
studies tend to adopt theories in an isolated and instrumental
manner, often focusing on explaining specific aspects of Al
use, such as decision support. Less attention is given to
alternative conceptualisations, such as Al as an organisational
capability, a sociotechnical system, or a governance
mechanism. This limited presence suggests that important
dimensions of Al-enabled project management, including
issues of power, coordination, accountability, and emergent
behaviour, are not yet sufficiently theorised.

Building on these observations, this study moves beyond a
descriptive synthesis of theories by identifying recurring
explanatory chains that link theoretical lenses, specific
theories, conceptualisations of Al, explanatory mechanisms,
and levels of analysis. These chains reveal that theorisation in
Al-enabled project management follows identifiable patterns.
They were further aggregated into broader theoretical
streams, which show how different combinations of lenses,
theories, Al roles, mechanisms, and levels of analysis
structure current theory-oriented knowledge in this field.

The reviewed studies also show that Al-enabled project
management does not refer to one uniform type of
technology. Some studies examine relatively specific Al tools
or functions, such as ChatGPT, generative chatbots, fuzzy Al
models, predictive analytics, or Al-driven monitoring
systems. In these cases, the implications for project
management are mainly task-specific and concern
communication, information processing, decision support,
scheduling, risk prediction, monitoring, or quantitative
decision-making. Other studies discuss Al more broadly as
an organisational capability, an assimilation process, or a
sociotechnical system. These studies shift attention from
individual tools to agility, trust, accountability, stakeholder
inclusion, ethics, and human-Al collaboration. This
distinction matters because the implications of Al for project
management depend not only on the theoretical lens used, but
also on the type, function, or broader conceptualisation of Al
examined in the study.

The main contribution of this study lies in advancing a
configurational understanding of theorisation in Al-enabled
project management. Rather than treating theories as isolated
analytical tools, the study demonstrates that they operate as
part of broader explanatory configurations. By uncovering
these configurations and synthesising them into emerging
theoretical streams, the paper provides a structured account
of how knowledge in this domain is currently produced and
organised.

The findings suggest that Al-enabled project management
is still theorised unevenly, with stronger attention to decision
support and instrumental mechanisms than to governance,
accountability, and sociotechnical change. Future research
should therefore focus more strongly on theory development
in Al-enabled project management, especially through
adapting existing theories, comparing and integrating
different theoretical perspectives, and developing more
specific explanations of how Al reshapes project
management. In addition, the theoretical streams identified in
this review should be further examined and validated on
broader empirical material and across different project
contexts. In particular, greater attention is needed to
governance mechanisms, human-Al interaction, and the
emergent properties of complex project environments. Such
efforts would contribute to advancing a more comprehensive
understanding of Al in project management. Future studies
could also compare how different Al technologies and
functions affect project management roles, decision-making
processes, coordination practices, and organisational
capabilities across different project contexts.

Several limitations should be acknowledged. First, the
final sample consisted of 10 theory-oriented studies, which
limits the generalisability of the findings. This reflects the
review’s strict eligibility criteria and means that the identified
explanatory configurations and theoretical streams should be
interpreted as emerging patterns rather than definitive
classifications of the field. Second, the coding process
required interpretive judgement, particularly when assigning
studies to theoretical lenses, Al roles, explanatory
mechanisms, and levels of analysis. Although structured
coding rules, re-reading, and consistency checks were used,
the findings should be understood as an analytical synthesis
rather than a statistically generalisable mapping. Third, the
coding of Al technology / function types should also be
interpreted cautiously, because the reviewed studies differed
in how specifically they described Al technologies. Future
research should validate and refine both the identified
theoretical streams and the AI technology / function
distinctions using broader datasets and empirical studies
across different project contexts.

APPENDIX A
Table Al. Configurations of theoretical lenses, Al roles, Al technology / function types, mechanisms, and levels of analysis.
Theoretical Theory Role of Al in Al technology Mechanism Level of Stream
Lens project / function types Analysis
management
Adoption Adaptive Al as augmentation Generative Al / Adoption- Individual Adoption-oriented
Structuration ChatGPT / chatbot oriented

Theory




Adoption Task—Technology Al as a tool Patent-based data-centric  Instrumental Project Adoption-oriented
Fit Theory Al as decision- Al / predictive analytics /
support optimisation
Capability- Dynamic Al as organisational Al assimilation / Al- Capability- Organisation Capability-based
based Capabilities capability enabled analytics / enhancing
Theory predictive capabilities
Complexity Complexity Al as augmentation Mixed Al ecosystem: Complexity- Organisation Complexity-adaptive
Theory ML / NLP / predictive adaptive
analytics / Al-enabled
decision support
Complexity Complexity Al as augmentation Mixed Al ecosystem: Complexity- Ecosystem Complexity-adaptive
Theory ML / NLP / predictive adaptive
analytics / Al-enabled
decision support
Decision / Classical Decision Al as decision- Generative Al/ Instrumental Project Decision-support /
Behavioural Theory support ChatGPT3.5 / hybrid instrumental
decision-making
Decision / Social Cognitive Al as a tool Al-driven operational Adoption- Individual Decision-support /
Behavioural Theory Al as augmentation tools: data analytics / oriented instrumental
automation / predictive
maintenance / emergency
decision support
Decision / Fuzzy Set Al as decision- Fuzzy Al/ fuzzy Instrumental Project Decision-support /
Behavioural Theory support inference / knowledge- instrumental
based decision support
Decision / Fuzzy Set Al as decision- Fuzzy Al/ fuzzy Instrumental Organisation Decision-support /
Behavioural Theory support inference / knowledge- instrumental
based decision support
Decision / Information Al as decision- Data analytics / Instrumental Project Decision-support /
Behavioural Economics support predictive Al / digital instrumental
Theory project delivery
infrastructure
Decision / Information Al as decision- Data analytics / Instrumental Organisation Decision-support /
Behavioural Economics support predictive Al / digital instrumental
Theory project delivery
infrastructure
Governance Stakeholder Al as sociotechnical ~ Algorithmic decision- Governance- Project Governance /
Theory system making / autonomous Al restructuring sociotechnical
systems / Al projects
Governance Stakeholder Al as sociotechnical ~ Algorithmic decision- Governance- Ecosystem Governance /
Theory system making / autonomous Al restructuring sociotechnical
systems / Al projects
Sociotechnic  Implicit Al as augmentation Hybrid PM2030 Al Sociomaterial Organisation Sociotechnical / co-
al sociotechnical portfolio: GenAl/ co-agency agency
orientation / no predictive Al/
primary theory automation / human—Al
collaboration and trust
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